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Introduction

As soon as ChatGPT was released in November 2022, it became clear that a new era of dramatic technological
change had arrived. Only a few years later, about one in six people worldwide use generative Al tools (Microsoft
Blog, 2026), and the picture is still evolving for how large language models, machine learning, and other
artificial intelligence tools will ultimately reshape daily tasks, jobs, resource management, and labor markets.
This reshaping is likely to continue to evolve for the foreseeable future. One sector where these ever-improving
Al tools and capabilities promise both enormous opportunities and systemic disruption is higher education.

Surveys reveal that the emergence of Al use in higher education is happening fast. An Elllucian survey of

higher education faculty and administrators in 2024 found that 84 percent were using Al either professionally
or personally, and 93 percent of administrators expected to expand their Al use to improve operational
efficiencies and productivity (Ellucian, 2024). More recently, a 2025 survey of college students by Inside Higher
Ed found that 85 percent have used generative Al for coursework in the last year (Flaherty, 2025).

The Al use cases are many and wide-ranging, but a few examples include:

Chatbots trained on a course’s syllabus and content that serve as a 24-hour personal tutor to learners.

Small language models that enable an institution to safely upload thousands of pages of policy
documents to help answer questions related to compliance or accreditation.

= Transcription tools that expand access for learners who are deaf and hard of hearing.
= Generative Al tools that can help faculty improve the quality and tone of their feedback to learners.

Increasingly, press releases announce exclusive partnerships between major Al companies and prominent
higher education institutions - Gemini with Florida State University (Dorn & Prentiss, 2025), Open Al with Duke
University (Duke Today, 2025), and Anthropic with the University of San Francisco School of Law (Anthropic,
2025), just to name a few. Less visible, perhaps, is the experimentation by learning and technology specialists
that is happening behind the scenes, where, for example, they are creating interconnected networks of

Al agents and data systems that allow the customization of learning in ways that we have never seen (or
imagined) before.

Visions for these new educational horizons are forcing institutions to grapple in new ways with questions like:
What does it mean to learn? What are the foundational skills that someone needs to be successful in a rapidly
changing environment? What still must be done by humans in the learning process? And what is the role of
higher education in a world of large language models and Al agents?

In a recent survey, just over half (55%) of college presidents said that their institution is responding adeptly and
appropriately to the rise of Al (Inside Higher Ed & Hanover Research, 2026). The complexity of the task may be
a factor.
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Institutional leaders need to develop Al strategies that address the various risks that come with Al: the
“hallucinations” and inaccuracies still prevalent when using large language models, threats to data privacy,
excessive “cognitive offloading” that interferes with real learning (and related issues of academic integrity),
potential biases baked into the algorithms that could perpetuate existing inequities, and the environmental
costs of Al data centers’ water and energy consumption.

Institutions must also make decisions about adding Al tools to their technology infrastructure, or “tech

stack,” and investing in new data architecture, but these decisions may be constrained by leadership, buy-in,
institutional approach, and financial resources. As Al integration continues to evolve, learners across higher
education may have access to different tools and infrastructure based on any combination of the number of
factors mentioned above. Some learners may experience custom-designed Al-driven learning technologies built
through in-house research and development processes, while others are limited to off-the-shelf Al tools and
systems that offer minimal data privacy or that are designed with little to no higher education involvement.

Because of these fundamental questions and concerns, and because of the speed at which Al capabilities
and tools are evolving, there is some urgency to ensure that those in decision-making or regulatory roles have
a robust understanding of what is currently happening with Al in higher education, as well as the decisions
confronting institutions.

Al Research Series Overview

This series of reports from Southern New Hampshire University’s (SNHU) Center for Higher Education Policy
and Practice (CHEPP) is intended to educate policymakers, higher education leaders, and other stakeholders
on how institutions are currently engaging with Al tools and capabilities, why their role in shaping Al use cases
in learning environments is critical to the future of higher education, how they are mitigating or managing risk
factors, and the ways in which Al is showing potential to fundamentally change teaching and learning. Central
to these topics are the individual learners: how they are experiencing or benefitting from Al, or conversely,
where institutions need to exercise care to avoid potential learner harm. The series of reports are as follows,
with the latter two reports being organized according to the learner-centered design framework and its
elements (see Figure 1 below) developed by SNHU’s CHEPP:

1. Al in Higher Education: A Primer for Higher Education Policymakers and Leaders. The series
includes a primer on Al, how it operates, and what its capabilities are, as of the writing of this paper.

2. Al in Higher Education: Teaching and Learning - Applying a Learner-Centered Lens to Al
Integration. The report on teaching and learning provides a robust overview of how higher education
institutions must play a critical role in thoughtfully integrating Al into teaching and learning, centering on
learners. It includes sections on learner agency and awareness, academic relevance and engagement,
and the learner experience.

3. Al in Higher Education: Infrastructure and Operations - Key Enablers of Al Strategies. The report on
infrastructure and operations discusses how Al is shifting management, administration, and technology
in higher education institutions. It includes sections on mission and culture, leadership and vision, and
processes and infrastructure.

The series also includes key decision points for institutions based on Al's potential, as well as its opportunities
and risks to learning, students, and institutions.
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https://snhu-externalaffairs.box.com/s/qv2qi1fi6cth5nk97jesqh92a07oohki
https://snhu-externalaffairs.box.com/s/1wj4djnn2ljk68w1trdxio3wr8vrndqb
https://snhu-externalaffairs.box.com/s/1wj4djnn2ljk68w1trdxio3wr8vrndqb
https://snhu-externalaffairs.box.com/s/j7n7bywkle03n7aarii47lf7ke6nnioi

Figure 1. CHEPP’s Framework for Learner-Centered Design in Higher Education
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Executive Summary and Key Takeaways

Today’s leaders of higher education institutions are facing critical decisions about how Al should be integrated
into their enterprises. Similar to business and industry, they have decisions to make about how to apply Al
tools and capabilities for administrative, operational, strategic, marketing, and other “management enterprise”
purposes. For these functions, Al promises opportunities for efficiencies related to reduced staff time on tasks,
expanded analytical capabilities, increased accessibility, or cost savings in support services. Higher education
and business leaders alike need to balance those benefits against risks and costs, particularly data security,
environmental impacts, Al output quality, and algorithmic bias, to name just a few.

Yet, higher education leadership is also grappling with Al’s role in teaching and learning. There are potential
opportunities for Al to provide opportunities and benefits to the teaching and learning process, as well as to the
overall student experience. And yet, there is a real need to provide clarity around what constitutes responsible
Al use, with the boundaries shifting based on the specifics of the course or the degree, the Al tools that are
selected, and the specific preferences of an instructor.

There is also an important role for state and federal policymakers as Al becomes part of the fabric of our
higher education system. There are, after all, clear lessons learned from recent history with other technological
innovations in the learning space, and there is arguably a responsibility for public policy to protect students,
public funds, and the strength of our education system. Some of the Al-related challenges facing higher
education institutions could be eased with a stronger regulatory environment around Al tools and platforms,
particularly regarding data security and output quality. Further, current FERPA regulations were established at
a time when Al was not a factor in processes and policies that could ensure a student’s data privacy, updating
this important law for the current Al environment is overdue. Finally, public policies can play an important role
in providing funding for under-resourced institutions to invest in their Al strategies, and to create safe spaces
for innovation that respect data privacy while ensuring public funds are used responsibly. Building policy

that can evolve with Al as opposed to letting Al grow and regulating later may be an important strategy for
policymakers to consider.

Amid these policy uncertainties and the continued evolution of Al capabilities, the role of institutional leaders
has never been more important. They have the responsibility of setting their institution’s Al agenda and doing
so in a way that safeguards learner agency, academic relevance and integrity, and a high-quality student
experience.
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In setting the Al agenda, leaders should establish a cross-institutional Al taskforce that works to address the
following:

= Centering learners and learning in institutional policies and practices, with prioritization of
safeguards for learner agency, data security, and academic integrity, and for establishing authentic
assessment of learning.

= Providing clear guidelines for responsible Al use in both teaching and learning as well as in
operations and management, with an emphasis on data security, student data privacy, mitigating
against algorithmic biases, and the need for critical evaluation and validation of Al outputs. The
definition of responsible Al use in teaching and learning should be customized to areas of study,
intended learning outcomes, and other academic integrity considerations. The definition of responsible
Al use in operations and management should be customized to the specific administrative department,
the degree to which internal data is analyzed by Al, the category of internal data to be used, and other
criteria relevant to data security, student data privacy, and the integrity of the institution’s mission and
values.

= Providing information and training to learners, staff, and faculty to ensure Al fluency across the
campus community. Everyone engaged in teaching, learning, operations, and management should
understand what Al capabilities are available, and many learners will need Al skills in the future
workforce. In the course of understanding the opportunities and potential benefits from Al, everyone
also needs to understand the risks, ethical considerations, academic integrity concerns, algorithmic
biases, costs (including environmental), and continued fallibility of existing tools.

= [Investing in data infrastructure creates more secure data environments, while connecting data
systems to maximize the benefits of Al for operational, administrative, research, and strategic purposes.

= Emphasizing transparency in how Al is being used across teaching, learning, operations, and
management.

= Treading carefully when replacing human connections with Al tools. Institution leaders need to
consider the relationships between learners and human staff and faculty, as well as the overall culture
of the institution, and impacts on learners when making decisions about productive uses of Al in the
student experience.
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